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Abstract: A cloud kitchen is an innovative concept involving a virtual commercial restaurant that
operates exclusively for delivery orders, without any physical dining area for food preparation.
Usually, cloud kitchen businesses promote their products and stay connected with their consumers
through the Facebook platform. This study investigates the influence of Facebook reviews on
Bangladeshi consumers’ food purchase behaviour in cloud kitchens. This quantitative study
surveyed 377 Bangladeshi consumers who are Facebook users and have experience purchasing
food from cloud kitchens. The findings reveal that the quality, credibility, quantity, and valence
of Facebook reviews are significantly associated with the consumers” food purchase intention,
leading to actual purchases from cloud kitchens. Interestingly, product knowledge does not
moderate the relationship between consumers™ purchase intention and purchase behaviour. The
present study contributes to the research discipline of hospitality and marketing, mainly social
media marketing and unique cloud kitchen concepts in the context of developing countries.

Keywords: Cloud kitchen, Facebook reviews, product knowledge, purchase behaviour,
Bangladesh

Suggested citation: Islam, M. T., Hossain, M. L, Saleh, R. A., Kumar, J., & Konar, R. (2024).
Facebook reviews and consumers’ food purchase behaviour in cloud kitchens: The moderating
role of product knowledge. Asia-Pacific Journal of Innovation in Hospitality and Tourism, 13(1),
127-146.

Correspondence: Md. Tariqul Islam, Taylor’s University, Malaysia. Email: zarigul. tonmoy812@gmail.com

APJIHT Vol. 13 No. 1 2024



128 Md. Tariqul Islam, Mohammad Imtiaz Hossain, Rakib Ahmed Saleh, Jeetesh Kumar and Rupam Konar

Introduction

Nowadays, consumers depend more on online review platforms to collect product
and service information (Denga & Rakshit, 2022). Online reviews are a significant
source of information for consumers when making purchasing decisions (Pandey
et al., 2023). Online reviews allow customers to exchange their perceptions with
other customers about products or services that they have consumed through online
platforms (e.g., e-commerce platforms) (Hancock et al., 2022). Consumers prefer
to check previous consumers’ or experts’ reviews before purchasing tangible and
intangible products and services, which assists them in making decisions perfectly
(Alhemimah, 2019).

The advent and progression of social media have introduced an additional facet
to online reviews by amplifying the number of user-generated reviews posted (Sharma
et al., 2022). Social media users can now share their perceptions regarding products
and services conveniently. In response to this higher consumer interest, marketers have
started using social media to communicate with prospective and existing customers.
Consumers read social media reviews of a product to get a more comprehensive
representation before making purchase decisions. When they find reviews that are
of quality and credible, they become more inclined to use that information which
impacts their behaviour towards online purchasing (Filieri, 2016; Wang et al., 2021).

The use of social media marketing expanded dramatically during COVID-19 to
specify products/services, collect information, evaluate products/services, and make
purchase decisions (Hu, 2022; Mason et al., 2021). In this regard, Kulshreshtha
and Sharma (2022) highlighted that the cloud kitchen is an innovative way of
serving customers, especially during the pandemic. When restaurants could not
accept orders during lockdowns (Movement Control Order), they came up with this
innovative cloud kitchen concept to take customers” orders and deliver food without
the need for customers to be present at the physical restaurant (Poon & Tung, 2022).
Similarly, the concept of cloud kitchens emerged in Bangladesh during the pandemic
as all restaurants were ordered to shut down (Haque, 2020).

As of January 2023, Bangladesh was reported to have 43.25 million Facebook
users (The Business Standard, 2023). A cloud kitchen is a ghost kitchen that delivers
food to its clients without a physical existence (Kulshreshtha & Sharma, 2022).
Customers can order through phone calls and online platforms (social media, food
ordering apps, restaurant websites, etc.) (Balasubramanian & Konar, 2022) and the
orders will be delivered to the given address. Most cloud kitchens operate through
the B2C (Business to Consumers) model (Nurul Islami et al., 2022). A noticeable
number of cloud kitchens in Bangladesh cropped up and started operating as the
demand for optimum food packaging and delivery rose during COVID-19 (Haque,
2020; Hossain et al., 2023). The Bangladeshi cloud kitchen industry mainly operates
on Facebook (Zarif, 2020). While it is evident that the Bangladeshi cloud kitchen
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industry primarily relies on Facebook for various functions such as taking orders,
promotional advertisements, and sharing consumer reviews (The Daily Star, 2021),
there is a notable research gap in understanding the specific impact of social media
reviews (particularly Facebook reviews) on consumer food purchases from cloud
kitchens in Bangladesh. Existing studies have yet to sufficiently explore how these
reviews influence consumer behaviour and purchase decisions within this rapidly
growing sector. Therefore, this study aims to fill the research gap by exploring the
impact of Facebook reviews on Bangladeshi consumers’ food purchase behaviour in
cloud kitchens.

A previous study revealed that the quality and credibility of online reviews
influence consumers’ intention to purchase (Kumar et al., 2023). In addition,
consumer purchase intent is influenced by the quantity of reviews and the valence
(positivity or negativity) of these reviews (Indrawati et al., 2023). The information
acceptance model (IACM) is an underlying theory that explains these interactions.
However, the role of information or review quantity is not examined in the IACM
model, whereas numerous previous studies have demonstrated that the quantity of
information or review is also significant in consumers’ intention to purchase (Cheong
et al., 2020; Thomas et al., 2019). Vazquez et al. (2023) also denoted that review
valence is an essential factor that significantly impacts an individual’s purchasing
decisions, but was not integrated into the JACM theory. However, Alhemimah
(2019) argued that the ICAM theory does not indicate the consequence of the
consumer’s purchase intention.

In addition, purchase intention does not always lead to actual purchases, and
customers purchase decisions are significantly influenced by their knowledge of the
product (Fu & Elliott, 2013). Although product knowledge has been studied in
the context of online reviews in several studies (Hung & Li, 2007; Imbayani &
Gama, 2015), the influence of product knowledge is understudied within a single
framework that integrates review quantity, review quality, review valence, and
purchase intention. Thus, the present study aims to identify how consumers are
triggered or influenced by Facebook reviews towards purchasing food from cloud
kitchens in Bangladesh with the moderating impact of product knowledge.

Literature Review and Hypotheses Development
Information Acceptance Model (IACM)
Erkan and Evans (2016) developed the Information Acceptance Model (IACM) to

examine the impact of social media information on consumers’ purchase intention.
The TACM model illustrates that the quality and credibility of information have
a relationship with purchase intention; in several studies, information quality and
information credibility have been adapted as review quality and review credibility in
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the context of social media platforms (Chen & Chang, 2018; Thomas et al., 2019;
Zhu et al., 2020). However, the IACM model did not investigate the influence of
review quantity and valence despite previous studies demonstrating its significance in
shaping consumers’ purchase intentions (Cheong et al., 2020; Thomas et al., 2019;
Vazquez et al., 2023). Additionally, the post-stage process of the consumer’s purchase
intention was not studied in the IACM theory. However, Ajzen (1991) argued that
an individual’s intention to act is a precursor to their behaviour. Therefore, this study
investigates the actual purchasing behaviour of consumers as a follow-up to their
purchase intentions. In addition, according to Chen and Deng (2016), individuals
with a higher level of product knowledge are more capable of comprehending the
value of products, which increases their likelihood of making purchases. Therefore,
perceived behavioural control may vary in impact based on the individual’s level of

product knowledge.

Review Quality (RQ) and Purchase Intention (PI)

The quality of an online review is evaluated based on the relevance, comprehensibility,
purposefulness, and adequacy of its content (Huyen & Costello, 2017). Review
quality can be categorised into two types: the first one is a basic recommendation
review that is emotional, subjective and provides supporting information without
argument, and the other, an online review that offers comprehensive and objective
information along with reasoned arguments based on the actualities of the product
or service (Alhemimah, 2019; Lee et al., 2008). Hence, the quality of online reviews
relies on the persuasive power of the reviews. So many anonymous reviews exist
online, often needing to be more comprehensible, understandable, and trustworthy
(Santos, 2021).

Online reviews consisting of authentic and specific arguments are more
persuasive than reviews that express abstract emotion and provocative comments,
and ultimately, managing the value of more basic online reviews will create a more
productive state of mind (Arora & Mail, 2018). Consumers prefer to trust websites
that give buyers unbiased reviews of legitimate products and services, and the precise,
timely, and reliable information gives prospective consumers, confidence. Bataineh
(2015) stated that accurate information helps consumers assess the products, which
can influence their purchase intention. Several studies have found that the quality
of online reviews influences consumers’ purchase intention (Chen & Chang, 2018;
Islam et al., 2023; Lee et al., 2008). Therefore, this study hypothesises the following:

H1: Review quality positively impacts consumers’ food purchase intention for
cloud kitchen.

APJIHT Vol. 13 No. 1 2024



Facebook Reviews and Consumers’ Food Purchase Behaviour in Cloud Kitchens: 131
The Moderating Role of Product Knowledge

Review Credibility (RC) and Purchase Intention (PI)

Lépez and Sicilia (2016) described review credibility as the perception of consumers
regarding a review’s trustworthiness. When a review is perceived as knowledgeable,
trustworthy, and reliable by consumers, it is perceived as credible, an essential
characteristic of the review (Bataineh, 2015). Online review credibility is also
illustrated as the belief in the reviews and opinions that the consumers have shared
on the internet, and review credibility can make sense of trustworthiness and
inspire consumers’ purchase intention (Mauri & Minazzi, 2013). Organisations
emphasise online reviews because they stimulate customers’ purchasing intention
(Zhu et al., 2020). Lis (2013) highlighted that consumers are positively encouraged
by higher recommendation ratings on content trustworthiness. While searching for
information online, consumers trust past consumers credible reviews and expert
opinions rather than the general information about the products by marketers
(Sutanto & Aprianingsih, 2016). Therefore, a higher degree of credibility increases
the intention to purchase and consume a product (Alcdntara-Pilar et al., 2024;
Sutanto & Aprianingsih, 2016; Thomas et al., 2019). Therefore, this study suggests
that:

H2: Review credibility positively impacts consumers’ intention to purchase

Jfood from cloud kitchen.

Review Quantity (RQN) and Purchase Intention (PI)

The quantity of the review influences the opinion of the consumers and their attitude
towards their purchasing intention. Consequently, the abundance of positive
reviews convinces consumers to make the purchase (Park et al., 2007; Sutanto
& Aprianingsih, 2016). The higher number of reviews strengthens consumers’
confidence and decreases the potential risk. Previous studies have demonstrated a
positive association between review quantity and consumers’ purchasing intention
(Cheong et al., 2020; Thomas et al., 2019). Further, Park et al. (2007) denoted that
numerous positive reviews and recommendations on products or services positively
influence consumers’ attitude towards purchasing and pre-determining the quality.

Moreover, consumers often predict the product’s popularity based on the review
quantity. Huyen and Costello (2017) demonstrated that review quantity significantly
influences consumers’ purchase intention. Large amounts of online reviews help to
lessen consumers’ feelings of anxiety and confusion over any products and influence
them to purchase these products. Song et al. (2021) and Wang et al. (2021) also
denoted that a large number of positive reviews on any brand enhances consumers’
confidence towards that brand, and intention to purchase that brand. Therefore, the
following is posited:
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H3: Review quantity positively impacts consumers’ food purchase intention

for cloud kitchen.

Review Valence (RV) and Purchase Intention (PI)

Valence is the emotional tone or sentiment expressed in an online review for a product
or service. Review valence denotes whether a review is mainly positive, negative, or
neutral (Vazquez et al., 2023). Wang et al. (2023) explained that positive valence
means a review is favourable, negative valence is unfavourable, and neutral valence
suggests a balanced or objective viewpoint. Tayal et al. (2023) highlighted that online
retailers receive thousands of customer reviews, making it challenging for customers
to read them all. To make the process convenient, retailers provide filters allowing
customers to sort reviews based on criteria such as positive, negative, or recent.

A customer’s decision is substantially influenced by the specific reviews they choose
to explore. From a rational perspective, a positive review tends to boost a consumer’s
inclination to purchase, while a negative review can deter them (Roy et al., 2019).
In addition, for reviews that have a combination of positive and negative sentiments,
the shopper’s response hinges on the overall sentiment. However, negative reviews
strongly influence consumers’ purchase decisions (Roy et al., 2019), that is, negative
reviews exert a more substantial impact than positive ones (von Helversen et al.,
2018). Furthermore, research has indicated that the degree of positivity or negativity
within reviews shapes consumers’ purchase intentions. Conversely, Chen and Lurie
(2013) asserted that positive reviews influence consumer purchase intentions more
than negative ones. Cheong et al. (2020) identified a positive association between
review valence and consumer purchase intentions. Therefore, it is hypothesised that:

H4: Review valence positively impacts consumers’ food purchase intention

for cloud kitchen.

Purchase Intention (PI), Actual Purchase Behaviour (AP), and Product
Knowledge (PK)

Purchase intention is vital to the consumers’” decision process. It is a psychological
variable that plays the role of a connector between consumers  attentiveness to
purchase a product and the possibility of purchasing. Purchase intention is the
determinant of purchasing, representing the consumers’ eagerness to purchase any
product or service in collaboration with consumer requirements, attitude, and
awareness towards that product or service (Beneke et al., 2016). The consumers’
desire to purchase any product can be considered as their purchase intention, showing
the robustness of their eagerness to purchase (Meng et al., 2021). Identifying the
consumers purchase intention is complicated as their actions reflect their intentions
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(Song et al., 2021). The theory of planned behaviour (TPB) also indicates that
an individual’s behavioural intention is an antecedent of actual behaviour (Ajzen,
1991). Hence, the association between purchase intention and actual purchase is
the connection between a consumer’s intent or willingness to purchase a product
or service and their eventual decision to make that purchase. However, consumers
become more motivated to purchase products that they are familiar with (Park &
Kim, 2016). Moreover, Kim and Hwang (2020) also noted that product knowledge
moderates an individual’s behavioural intention.

Meanwhile, Chen and Deng (2016) argued that individuals with more product
knowledge are better equipped to understand the benefits and value of a product,
thereby enhancing their likelihood of making actual purchases. Conversely, those
with less product knowledge may need help recognising these benefits and face more
significant barriers, such as perceived risks. As such, perceived behavioural control
may have different impacts depending on the level of product knowledge. Therefore,
the present study hypothesised that:

H5: Consumers food purchase intention for cloud kitchen positively impacts
consumers’ actual purchase behaviour.

HG6: Product knowledge moderates the association between consumers’ food
purchase intention and actual purchase behaviour.

Review Quality

Review Credibilty |\
H2 — ' Purchase Actual Purchase

- H5 —»
H3 — | Intention & Behaviour
Review Quantity — / ‘

Review Valence

Hé

Product Knowledge

Figure 1. Conceptual research framework

Methodology

The quantitative research method was adopted for this study due to the appropriateness
of collecting extensive data. Purposive sampling was utilised to collect data from a
specified target population. The authors employed purposive sampling as it better
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matches the sample to the aims and objectives of the research, thus improving the
study’s rigour and trustworthiness of the data and results (Campbell et al., 2020).
The residents of Bangladesh who have prior experience ordering food from cloud
kitchens were selected as the target population of the current study. A sample size of
146 was estimated as the minimum sample size based on G*Power analysis with 0.15
effect size, 95% confidence level, and 0.05% errors (Faul et al., 2009). A structured
online questionnaire was distributed through social media platforms (e.g., Facebook
and WhatsApp) and recipients were requested to share the questionnaire link with
their peers.

All measurement items were adapted from previous studies on various online
reviews and e-WoM contexts. The responses were measured using a 5-point
Likert scale ranging from 1 (Strongly disagree) to 5 (Strongly agree). Four items
for measuring review quality and three items of review valence were adapted from
Sutanto and Aprianingsih (2016). Further, four items of review credibility and three
items for measuring review quantity were adapted from Reyes-Menendez et al.
(2019) and Zhu et al. (2020). In addition, to measure consumer purchase intention,
three items were adapted from Bataineh (2015), and three items for actual purchase
behaviour were adapted from Wee et al. (2014).

Moreover, to measure the moderating variable “product knowledge,” three items
were adapted from Fu and Elliott (2013). Two academicians and two hospitality
industry players pre-tested the instrument to ensure content validity. The present
study is considered cross-sectional, and data was collected from different individuals
in a single time frame (April 1, 2023 to September 30, 2023). A total of 392 responses
were collected, and after screening the data, 377 responses were found fit for analysis.

Consequently, the authors used Harman’s single factor test on the seven
constructs comprising 24 items to assess common method bias (CMB). CMB can
have potentially severe effects on research findings. Thus, it is essential to understand
their sources and when they are especially likely to be problematic. CMB is deemed
to exist when one component accounts for more than 50% of the total variance
(Podsakoff et al., 2003). The statistical analysis in our study established the absence
of CMB, as a single component only extracted 44.863% of the total variance.

Data Analysis and Results
Respondents’ Demographic Profile
Table 1. Demographic profile of respondents

Category Frequency Percentage (%)
Female 125 33.16
Gender
Male 252 66.84
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Table 1. (con’t)

Category Frequency Percentage (%)
18-24 151 40.05
25-34 112 29.71
Age
35-44 83 22.02
45 and above 31 8.22
Business 101 26.79
Service 111 29.44
Occupation
Student 124 32.89
Others 41 10.88
Less than 2 times 132 35.01
Frequency of purchasing 2-3 times 112 29.71
food online weekly 4-5 times 91 24.14
More than 5 times 42 11.14
Less than 1 hour 42 11.14
1-2 103 27.32
Frequenc.y of Facebook 3.4 113 29.97
usage daily
5-6 67 17.77
More than 6 hours 52 13.79

Respondents’ demographic profile (Table 1) indicates the percentage of male and
female respondents was 66.84 % and 33.16 %, respectively. In addition, 40.05% of
respondents were between the ages of 18 and 24 years, 29.71% belonged to the
age group of 25-34 years, 22.02% were 35—44 years, and 8.22% were above 45
years. Moreover, 26.79% were involved in the business sector, 29.44% were from the
service sector, 32.89% were students, while 10.88% were from different professions.
Furthermore, the majority of the respondents (35.01%) purchased food online less
than two times weekly, and used Facebook for 3—4 hours daily (29.97%).

Measurement Model Assessment

The partial least square structural equation modelling (PLS-SEM) technique is
commonly used for investigating intricate relationships between observable and latent
variables. SmartPLS (v. 4) software was used to evaluate the study’s measurement and
structural model. In the measurement model, Cronbach’s alpha (Ca), composite
reliability (CR), and average variance extracted (AVE) were employed to determine
the construct’s reliability, validity, and internal consistency, respectively. The loadings,
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Ca, and CR values were found above 0.7, while the AVE value was beyond 0.6,
confirming that the model demonstrates satisfactory reliability, internal consistency,
and convergent validity (see Table 2) (Hair et al., 2021).

Table 3 presents the discriminant validity assessment using Fornell and Larcker’s
criterion and Heterotrait-Monotrait Ratio (HTMT). Based on Fornell and Larcker’s
criterion, discriminant validity is achieved as the square root of the average variance
extracted by a construct exceeded its correlation with any other construct (1981)
(Table 3). Henseler et al. (2015) recommended that a HTMT value below 0.9
is acceptable, indicating no issues with the discriminant validity in the current
research.

Table 2. Construct reliability and validity

Constructs Items Loading Co CR AVE

Actual Purchase AP1 0.837 0.755 0.859 0.671
Behaviour (AP) AP2 0.819
AP3 0.801

Purchase Intention PI1 0.802 0.756 0.860 0.672
(PI) PI2 0.814
PI3 0.843

Product Knowledge PK1 0.861 0.779 0.872 0.694
(PK) PK2 0.790
PK3 0.846

Review Credibility RC1 0.760 0.807 0.874 0.634
(RC) RC2 0.820
RC3 0.787
RC4 0.815

Review Quality RQ1 0.743 0.806 0.873 0.632
(RQ) RQ2 0.823
RQ3 0.826
RQ4 0.784

Review Quantity RQNI1 0.815 0.770 0.867 0.685
(RQN) RQN2 0.832
RQN3 0.837

Review Valence (RV) RV1 0.835 0.757 0.860 0.673
RV2 0.844
RV3 0.781
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Table 3. Discriminant validity

Fornell-Larcker criterion

Constructs AP PI PK RC RQ RQN RV
AP 0.819

PI 0.725 0.820

PK 0.710 0.766 0.833

RC 0.675 0.693 0.777 0.796

RQ 0.654 0.698 0.751 0.766 0.795

RQN 0.675 0.709 0.722 0.638 0.686 0.828

RV 0.660 0.700 0.718 0.705 0.717 0.670 0.820
Heterotrait-monotrait ratio (HTMT) — Matrix

PI 0.856

PK 0.821 0.787

RC 0.869 0.782 0.882

RQ 0.832 0.786 0.844 0.852

ROQN 0.786 0.829 0.829 0.806 0.758

RV 0.863 0.822 0.831 0.803 0.804 0.773

Structural Model Assessment

As per the structural model assessment outcome, the coefficient of determination
(R?) values (0.587 and 0.638) were found to be in the acceptable range (Hair et al.,
2021). In addition, the Q? values (0.406 and 0.452) signify the study’s predictive
relevance.

Table 4 displays the f? values, which reveal that RQ, RC, RQN, and RV have
a small effect on the PI (f? value below 0.2). In contrast, PI has a medium effect on
AP (f* value above 0.2) (Cohen, 2013). Furthermore, the multicollinearity test was
conducted through the inner VIF value (see Table 4). In addition, all the inner VIFs
were found between 1.061 and 3.100. Inner VIF values below 5 ensure the absence
of multicollinearity issues in this study (Hair et al., 2021). Moreover, six hypotheses
were developed in the current research and tested based on t-values and p-values.
Hair et al. (2016) stated that a hypothesis is accepted when the t-value is more than
1.96, and the p-value is less than 0.05. The hypotheses test results indicate that H1,
H2, H3, H4, and H5 have been accepted, whereas H6 was rejected (see Table 4 and
Figure 2).
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Table 4. Results of structural model assessment

Effect

Hypothesis Coeflicient T-value P-value Results size (F) Inner VIF
H1: RQ — PI 0.159 2439  0.015 Accepted  0.022 3.100
H2: RC — PI 0.212 3.108 0.002  Accepted  0.044 2.801
H3: RQN — PI 0.314 5.253 0.000  Accepted  0.124 2.196
H4: RV — PI 0.227 3.334  0.001  Accepted  0.056 2.563
H5: PI - AP 0.456 7.448 0.000  Accepted  0.202 2.489
H6: PK x PI — AP 0.061 1.643 0.101  Rejected  0.010 1.061
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Figure 2. Bootstrapping result with p-values

Discussion and Implications

This research endeavoured to comprehend the influence of quality, quantity, valence,
and credibility of the reviews on social media, particularly on Facebook pages,
on food purchased from cloud kitchens in Bangladesh. The statistical outcome
evidenced the positive influence of Facebook reviews’ quality (H1), credibility (H2),
quantity (H3), and valence (H4) on the intention of purchasing food from cloud
kitchens. In addition, consumers purchase intention positively influences their
purchase behaviour (H5). However, product knowledge does not moderate the
association between consumers’ purchase intention and actual purchase behaviour
(H6). The findings reflect that social media significantly influences consumers’
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decision-making by generating regular peer evaluations before, during, and after
purchases and providing a secure platform for online purchases (Kunja & GVRK,
2018). Existing literature demonstrates that customers” discussions on social media
generates positive online word-of-mouth that triggers consumers’ purchase intention
(Kunja & GVRK, 2018; Rao & Rao, 2019). It should be noted that compared
to employee reviewers, anonymous online reviewers content is considered a more
persuasive and reliable source of information (Steward et al., 2020).

Review quality strongly influences purchase intention, consistent with Chen
et al. (2018). The positive impact of review quality suggests that consumers value
well-constructed and informative reviews. High-quality reviews provide valuable
insights into a product or service, thus increasing the likelihood of a purchase. Chen
and Chang (2018) as well as Kim and Park (2017) also mentioned that consumer
satisfaction is influenced by information quality and purchase intention. Existing
literature indicates that perceived credibility plays a vital role in customers’ decision-
making processes and reduces uncertainty (Nan et al., 2017). Credibility is crucial in
online reviews, as consumers trust reviews from credible sources. Thus, the positive
impact of review credibility on purchase intention emphasises the importance of
cloud kitchen operators maintaining a credible online presence.

In regard to review quantity, a product’s performance and popularity can be
determined through the volume of reviews available online (Chevalier & Mayzlin,
2000). The relationship between review quantity and purchase intention suggests
that more reviews can positively influence consumer decision-making. This could
be due to increased social proof and a larger pool of information. The higher review
volume boosts the review’s potency and positively influences purchase intention
(Cheong et al., 2020). Huyen and Costello (2017) further mentioned that the
quantity of reviews usually decreases uncertainty and builds consumer confidence.
The finding that review valence affects purchase intention aligns with prior research
findings (Cheong et al., 2020). Positive reviews can boost consumers’ confidence in
their purchase decisions, while negative reviews may have the opposite impact (Roy
etal., 2019).

Moreover, consumers’ purchase intentions significantly impact their purchase
behaviour, corroborating with Ajzen (1991). This finding emphasises the predictive
power of intention in understanding and forecasting consumer actions. In the
context of cloud kitchens, it suggests that an increase in purchase intention can
lead to a corresponding increase in actual food orders. In addition, findings indicate
that the relationship between purchase intention and actual purchase behaviour in
cloud kitchens is not moderated through product knowledge. The current study’s
findings fully and partially align with a previous study’s findings (Hansen, 2013).
This finding implies that the influence of purchase intention on actual behaviour
remains consistent across different levels of product knowledge. In other words, even
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consumers with varying levels of product knowledge are similarly affected by their
intentions when purchasing cloud kitchen food. Since food is a high-involvement
product, rigorous decision-making is required when deciding to purchase, and cloud
kitchen does not offer any dine-in facility. Hence, customers have to rely on online
reviews immensely. Thus, this study’s findings will assist in decision formation.

Theoretical Implications

Theoretically, this research expands the existing knowledge on the influence of online
reviews on consumers purchase intention. The IACM theory explains the influence
of information quality and credibility on purchase intention with the mediation role
of information usefulness and information adoption. This study adopted information
quality and credibility as review quality and credibility. A significant association
between review quality and credibility with purchase intention is indicated in the
present study. Moreover, the role of review quantity on purchase intention was not
assessed in the original JACM model, but numerous previous studies revealed the
importance of review quantity on purchase intention (Cheong et al., 2020; Thomas
etal., 2019).

Moreover, developing a theoretical model integrating Facebook review quality,
quantity, valence, and credibility to identify consumers’ intention towards online
food purchases from cloud kitchens and their actual purchase behaviour is a
significant contribution to the current research. Additionally, the moderating role of
product knowledge was also studied. The study’s integration of product knowledge
as a moderating factor into the theoretical model adds depth to our understanding
of how consumers’ familiarity with a product affects their online purchase intentions
and actual behaviour.

Practical Implications

Cloud kitchen marketers can leverage the research findings to implement strategies
tailored to enhance brand reputation and drive consumer trust. Marketers can
foster a positive online reputation and influence consumer purchase intentions by
establishing real-time reputation management systems, actively monitoring and
responding to online reviews, and incentivising positive feedback. As technology has
advanced and many Bangladeshi millennials use the “crowd mentality” phenomenon,
there should be a way to respond immediately to pressing issues on negative online
reviews.

Moreover, this study assists consumers in ordering wisely, reducing the
chance of wasting money by purchasing food from reliable platforms, avoiding
overconsumption, and ensuring economic benefits. Entrepreneurs can also consider
this study’s findings while designing their business and digital marketing strategies.
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Cloud kitchen businesses can utilise quality information from review websites to assist
consumers in comprehending the company’s overall quality, building the business’s
overall quality, and strengthening a favourable reputation. Lastly, policymakers can
raise public awareness about food consumption through digital platforms, and these
initiatives ensure social sustainability and foster food ordering through education.

Conclusion

The present study examined how Bangladeshi consumers are affected by Facebook
reviews when purchasing food from cloud kitchens. The study includes the four
characteristics of online reviews: review quality, credibility, quantity, and valence.
The findings provide evidence of factors that affect Bangladeshi consumers’ food
purchase intentions from cloud kitchens. The study depicts that Facebook reviews
influence consumers’ purchasing intentions. Moreover, consumer purchase behaviour
positively correlates with consumer purchase intention for cloud kitchens.

Limitations and Future Research Directions

This study contains a few limitations despite offering some noteworthy findings.
Although the present study maintained the minimum sample size threshold, it is
better to conduct a study with a large sample size to reduce the multivariate non-
normality of the data. Four features of online reviews (quality, credibility, quantity,
and valence) have been adopted in this study. Future research can be carried out with
more characteristics of online reviews. Moreover, future studies can integrate and
examine other moderating and mediating variables.

This research was focused only on the Facebook platform to validate the
conceptual model; therefore, further studies can be conducted on other social media
platforms (e.g., Instagram/Twitter). Due to the insufficiency of total members on
Facebook fan pages for cloud kitchens in Bangladesh, the current research utilised
a non-probability purposive sampling method. Researchers can consider the
geographical variety in Bangladesh and worldwide in further studies. Only the cloud
kitchen business was considered in the present study, so other types of industries and
sub-sectors might be studied in future studies.
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License (CC-BY 4.0) which permits any use, distribution and reproduction in any medium,
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